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Abstract

The goal of this study is to create a method that helps computer
science students at Rajamangala University of Technology Krungthep
choose which courses to take. People made this method because first-
year students still do not have enough help figuring out which computer
science or IT programs will help them reach their job goals. For
research and suggestions, the system uses the Multilayer Perceptron

(MLP) artificial neural network method.

Python and JavaScript were used in the system's development, and
MongoDB was used for database administration. The modeling dataset
comprises 1,7 16 records of computer science students and 50 5 records of
information technology students who graduated during the years P. Prof. 2012
and 202 0. The factors under investigation include academic performance in

three key professional topics, gender, and pre-entry educational attainment.

According to the test findings, MLP1 , which had 1 6 nodes, a 1 -layer
hidden structure, a Regularization value of 0.01 and a Learning Rate of 0.005,
produced the best results, with a maximum accuracy of 0.66. According to the
research findings, a straightforward model structure may yield positive
outcomes, and the system that was created can be a useful tool for assisting
students in choosing courses. Keywords: Multilayer Perceptron, Aurtificial

Neural Network, Course Selection, and Recommendation System

Keywords:  Guidance system ,Course selection ,Neural network

Multilayer Perceptron (MLP)
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